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ABSTRACT

Despite the potential promises of poverty reductibmicrofinance, their impact depends on the reatund extent
of demand of credit and other financial servicestbg poor. While empirical works are well estabdidhon the
determinants of micro credit demands in some c@se.g. Bangladesh and India), scanty literatesést in Tanzania
context. This paper presents empirically the ketemeinants and extent of borrowings for micro cremihong rural
finance programme in Tanzania. The paper presketsrplications of socio-economic characteristitsuoal households
and MFIs specific characteristics on borrowing hétar of micro credit programme members. The pagdrased on a
survey of 210 rural farm households in Tanzaniangysgualitative and quantitative analyses the stiadyd that demand
for credit among rural households significantly waacross MFIs. Households who are members of MREsk®
demonstrated a high amount of demand comparedthdde with membership in other types of MFIs suelSACCOS,
NGOs and Government Operated Programmes. Resultsefushowed that specific location and househadios
economic factors affect demand for credit in rumadas of Tanzania. Policy implications should fooosalleviating the

capital constraints of MFIs and addressing rurgkptal infrastructure and rural household entrepueship development.
KEYWORDS: Mfis, Micro, Credit, Demand, Rural, Households, drahzania
INTRODUCTION

Microfinance services is a general tem describiiregpractice of extending small (micro) loans arfteofinancial
services, such as loans, savings accounts, amdait® to poor borrowers for income generating- satfiployment
projects (CGAP, 2007). Microfinance institutions KM) and Rural Finance Program (RFP) are the cooeigers of
microfinance services in rural areas. They seqlutsue a double bottom line- to achieve and dematessocial as well as
financial performance (Morduch, 2000). The rolend€rofinance institutions differs from one contéatanother: Filling
gaps in financial markets, providing risk toolsvanerable groups or individuals, allowing microt@preneurs to take
advantage of economic opportunities, and buildiogjad networks (Hartarska and Nadolnyak, 2008; @reand Kuhn,
2002; Umareet al., 2011; Tchouassi, 2011).

MFIs are characterized by their clients, their #geenission and objectives (Morduch, 2000; Shahidual.,
2004; Coleman, 1999; Johnston and Morduch, 200®rdfinance clients are typically low-income persamho are self
employed or salaried employees such as factory averkn rural areas, they generate some income faoming, food
processing or trade at local markets whereas iarudreas they tend to be shopkeepers, street \&wretgrepreneurs,
service providers, and craftsmen whose activitiag Bbmetimes be seasonal but appear more or ¢dde éAhmed, 2009;
World Bank, 2003).
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In Tanzania, microfinance institutions were noteggiattention as peoples’ development tool untilehdy 1990s
(Wangwe, 2004; URT, 2001). The government extehgigentrolled the financial sector with the profedspurpose of
directing financial resources towards socially @&ednomically desirable activities (Temu, 1994; Wiaeg2004). This
involved government ownership of banks, control interest rates, and directing credit towards’ ptyosectors at
subsidized rates (URT, 2001). However the demisstae owned financial institutione.g. Tanzania Housing Bank-
THB) in the early 1990s necessitated the governnwénfanzania, with the support of the World Bankd atihe
International Monetary Fund (IMF) to adopt economaforms in order to alleviate the worsening situat The reforms
aimed at increasing growth, encouraging privatéosedevelopment, market integration and industriampetitiveness
(URT, 2001; Wangwe, 2004). Major financial policgtians included liberization of interest rates,ngfiation of
administrative credit allocation, strengthening teatral bank’s (Bank of Tanzania) role in reguigtand supervising the
financial institutions, restructuring state owndaafcial institution, and allowing entry of privasector banks into the
industry (URT, 2006). The reforms underscored thedrtance of allowing financial institutions to @éep their own
financial services on the basis of their own olijest and setting interest rates according to mdikees. This in turn
would facilitate faster development of financial nkets and services and thus enhancing access abfinance to

majority of Tanzanian especially in the rural areas

To enhance access to microfinance in both urbanraral areas of Tanzania, the government estalishe
microfinance policy in 2001. The policy invites tl®nor community to facilitate the development atmm finance
institutions. The policy articulates the vision astdategy for the development of sustainable micasfce industry as an
integral part of the financial sector, specifyihg trespective role of the key stakeholders- theegowent and its principal

agencies, institutional providers of microfinaneevices and the donor community (URT, 2001).

Since the implementation of the national microficenpolicy, there has been good progress toward the
establishment of the microfinance institutions ianZania. There are now more than 1800 microfindansgtutions
operating in Tanzania (BoT, 2014). These includeoddunded microfinance institutions, community kanvillage or
ward banks, and cooperative societies. The prihaiferofinance providers (especially in rural areae the Savings and
Credit Cooperatives Societies (SACCOS), governraepported organizations.g. SIDO, SELF, PTF,) community banks
and foreign donor- assisted Non — governmental @zgéions such as PRIDE, FINCA, DUNDULIZA, BRAC aS&EDA
(BoT, 2014).

Ensuring access to credit among rural poor pouidtir augmenting agricultural production, alleingtpoverty,
and improving the efficiency of rural credit deliyesystems has been an area of focus in the plgmiocess in Tanzania
(e.g. Kilimo Kwanza- Agriculture First Vision, URT, 2009The government believes that microfinance paogr can
alleviate financial liquidity constraints, stabdizonsumption and thus impact both income and copsan for the poor,
thereby augmenting the poor’'s welfare. The poerexpected to use financial services to investath and education,
manage household emergencies, and meet the widetywarf other cash needs that they encounter. Pwas of
microfinance schemes (Yunus, 2006; Littlefietdal., 2003; Morduch, 2009) believe that microfinanceuad the world
can increase household income, build assets, aheeevulnerability of poor households and individuat is further
believed that access to financial services amoagtor households can also translate into betteition and improved

health outcomes, such as higher immunization r@sofinance institutions services can also allpgor people to plan
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for their future and send more of their childrensttool for longer make women more confident argbidive and thus
better able to confront gender inequalities (Makettal., 1999; Tchouassi, 2011; Umaataal., 2011).

While greater focus of empirical studies has bemth eontinue to be on impact of microfinance insibt on
various financial services, scanty empirical woeke focusing on the determinants of demand fornfife services,
especially credit from MFIs in Tanzania. The exsetd which household socio-economic characteridacditate or
hinder demand for credit especially among ruralsetwlds are not clearly documented in Tanzanias Tthis interesting
to add to the existing literature and general ustdeiding on the extent to which lending conditiamsl other specific

characteristics of microfinance institution andaifinance programs limit the demand for credit.
RELATED LITERATURE

Despite the potential promises of MFIs (Meyers,2@aman, 1998b) evidences suggest that the pakémipact
of MFIs depends on who participates (socio-econoafiaracteristics of participants) and the extentdefmand for
financial services (Evanet al., 1999; Shailesh, 2008)). The eligibility, seleatiprocess of members and the socio-
economic characteristics of participants togethiéhh WMFIs characteristics and location charactersstietermine the extent
of credit demand and ultimately the extent of imip@obinson, 2001; Diagner and Zeller, 2001; Mosteyl Hulme,
1998).

Demand for microfinance institutions services desenn socio economic characteristics of farm hooisish
government policy and MFIs policy (Mosley and Hulndi®98; Zaman 1998b; Coleman, 1999). The amouritrods
procured by borrowers determine the type of investisi (farm, non-farm or consumption) undertaken thednature of
capital asset procured and ultimately the extenitnpiact (Mosley and Hulme, 1998; Coleman, 1999; é3tgkeet al.,
2001).

Adopting the farm household model (Taylor and Adahn2003), farm households are assumed to be eégonom
units with rational decisions. Farm households nmikesions on various economic issues including@estions such as
how much labour to devote in a production procedgther or not to use fertilizers and other inputisich crop to grow
and in which fields, how much funds to procure &in which source and so on (Reardaral., 1994; de Janvry and
Sadoulet, 2001. The determinants of demand foritcaeabng farm households can be assessed by loakithg nature of
microfinance credit as a commodity. The naturehef dctual expenditure would determine the amoudttieming of the
loan demanded (Shailesh, 2008; Von Pischke and Adda®80; Hulme, 2000). If money is to be used fardpctive
purposes as a source of capital to finance larihuig technology, and capital assets, its demandldvbe a derived
demand. The demand for credit under such circurostawould be a result of a trade-off between istgpayments and
the marginal returns on the economic activitiesvibich credit is used (Reardehal., 1994; Lipsey and Christal, 2004;
Harper, 2005). In turn the return on economic &ty depends on risks involved (Harper, 2005). €Rtent of risks
depends on the nature of the economic activitietertaken i.e farm vs non-farm, and the abilitytieé household to

mitigate risks associated with the economic adtisi(Reardomt al. 1994) .

The lending condition, procedure, and capital capad the MFIs would also affect the extent of ditedemand
of household (Pitt and Khandker, 1998; Schrein®)12 Morduch, 2000; Morduch 2005). The lending paae to

members and credit disbursement conditions, anidhgitftompulsory savings, group lending, and cotkidteequirements)
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reflect the transaction cost and nature of investnte be undertaken on the part of household amitatacapacity
(managerial and financial capacity) on the partthef MFIs. Thus the relationship among variables dedermine demand

for credit can be presented as in Figure 1 below.

~

Social -Demographic
factors : Education,

gender, age, House hold
size, dependants ratio

Economic factors: Farmer characteristics:

Size of farm, Farm
output/sales, Type of
farmicrop vs
livestock}, Technology

Borrower Income, asset
ownership and
composition, other

occupation ;
o adoption, Farmer

experience

Demand for MFls Credit
(Financial services)

r/CIima!il: Factors: Institutional Factors: Interest rates .
charged, interest rates elsewhere,
previous year/season harvest, financial services availability, Agri-
Good ar Bad (. droughts, floods, Subsidies, Distance flocation of MFI
diseases outbreak) Py

Sourcéuthor, based on literature review
Figure 1. Conceptual Framework of Determinants forDemand for Credit
METHODS

The study was a survey of MFIs and rural farm hbaobis in Iringa region of Tanzania. Farm houseHolds
information collected during the survey were howsghdemographic variables, asset ownership and ositipn,
agricultural output, crops prices, input pricespfaexpenditures, household borrowings, savings,esatarm and non-
farm income. Qualitative information obtained wafated to demand decisions in microfinance, questivf loans and
types obtained by households members, problemsiagsd with microfinance involvements, lending citiodis and

procedures, and benefits so far obtained by mitaofie participants.
Study Area

Iringa region is one of the “Big six” regions wé&town for producing surpluses in food crops sucmaie and
potatoes in Tanzania (IRSEP, 2007). Other regionthe big-five group are, Mbeya, Ruvuma, MorogdRokwa, and
Kigoma. These regions are known as typical agramayions in Tanzania and also are served by vansigsofinance
institutions (BoT, 2009) and therefore suitable floe study. The region comprises of seven distits Iringa Rural,
Kilolo, Makete, Mufindi, Njombe, Ludewa and Irinddrban. The region is part of mainland Tanzania,nfbin the
southern highlands zone and located between lasfi 55" and10° 30" south of Equator, and between longituda$

45 and36° 55 east of Greenwich. To the north the region bor&ngida and Dodoma regions and in the east itdyerd

| Index Copernicus Value: 3.0 - Articles can be sernb editor@impactjournals.us |




Rural Finance Programmes in Tanzania: Who 27
Borrows and to What Extent

Morogoro region, while in the south is Ruvuma regémd in the west is Mbeya region.

Being one among the well known big six agricultuegion in Tanzania, Iringa region was purposivedjected
because it is a home to one of the well known comitybanks in Tanzania— the Mufindi Community Bahkufindi
Community Bank (MUCOBA) is a community based bahlattdeals with farmers as well as small and medium
enterprises. It is one among the few community baink Tanzania that provide microfinance to smalll anedium
businesses in farm and non-farm businesses. Otbemmunity banks in Tanzania are: Dar es Salaam GaonitynBank,
Mwanga Community Bank, and Mbinga Community Bar&h{jorigaet al., 2009). The formal MFIs providing financial
services to small and medium enterprises in towhiarrural areas in Iringa region are: PRIDE, FINGNF, SELF and
SACCOS. In remote rural areas financial servicesgamerally dominated by Savings and Credit Coatp@r Societies
(SACCOS). The number of SACCOS and its membershig been on the increase over time. Njombe didtast the
highest number of SACCOS members than any othéradign the region while Kilolo and Ludewa distischave the

lowest MFIs and membership.
Sampling Procedures

Two districts with the highest number of microficaninstitutions were selected and one district whth lowest
number of microfinance institutions was selectedc@kding to regional statistics (IRSEP, 2007) amhiBof Tanzania (
BoT, 2009) there were 115 SACCOS, two microfinand&O (PRIDE and FINCA), two governmental microfican
institutions (SIDO and SELF), and two microfinaf@nks (Mufindi Community Bank, and NMB).

To ensure randomness on the selection of microfmanstitutions, a list of all 121 microfinance tiigtions in
the districts was obtained from the Iringa regiooifice. Two microfinance institutions were randgn(ballot procedure)
selected from each district. In addition to Mufirdommunity Bank which was purposively selected tués unique
features in dealing with farm households. In Muiidigtrict, Madibira SACCOS and Tujikomboe SACCOS8re/selected.
In Njombe district, Ng'anda SACCOS and Mlevere SATwere selected. In Kilolo PRIDE and SIDO wereestld.
The sample for farm households who were particppantmicrofinance institutions was obtained frofistiof all members

in particular MFls office in a village.
Data Collection Instruments and Collection Procedues

The data collection instrument was the semi-strectuself administered questionnaire. The data ciidie
exercise involved research assistants and therobeza Respondents were interviewed in isolatiororider to ensure
confidentiality. This approach yielded maximum r@sge rate and ensured filling of all informatioquied. The data and

information collected were for the calendar (seasear of 2009.
Sample Size and Composition

The study sample was 227 households who were membearious MFIs. Table 1 presents the the distidins
of the household by their membership in variousrafiocance institutions.The sample was mainly consplosf SACCOS
members at 42.3%, and microfinance bank membe3&%, NGOs -MFIs and Governmental institutionghwa

combined proportion of 16.3%.
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Table 1: Distribution of Sampled Households by Typ@f Microfinance Institutions Membership

Microfinance Institution Number | %
Banks (MuCoBa, NMB Bank, ) 77 33.9
SACCOS (Tujikomboe,

Mlevere, Ng'anda, Madibila) 96 423
NGO ( PRIDE& FINCA) 15 6.6
Governmental (SIDO) 22 9.7
Multiple Membership 17 7.5
Total 227 100

Model Specification

To estimate the significance of the determinantslerhand for microfinance credit among MFIs membtrs,
Ordinary Least Squares (OLS) regression models weed. OLS regressions were selected used bedziskependent
variable (household outstanding credit/borrowings)metric in nature. The econometric equation ugedvas in the

following form:
NB=By +X  Xi+ Y Zi +Y~ Mi vy Li 2, G+p... (1)

Where B = outstanding amount of borrowed moneyattime of survey for the househoff}; is constant term;
X, is a vector representing the variables of houskktiucture and asséf;is a vector representing household location
characteristics (districts) in form of dummy vatedy M is a vector representing microfinance institution
type/characteristics (dummy variablek)js a vector representing loan transaction chariatites variables; and p is the

error term, representing other variables not inetlioth the model that influence demand for credit.

The credit demand equation (1) was estimated usdiatg from farm households who were members of
microfinance institutions only. Households who weam-microfinance members were excluded in theyaimbecause
demand for credit by this group was not observalplé was exogenously constrained to be zero. Thiystba control
group (newly joined microfinance members) and tieatment group ( i.e old microfinance participariégn households
surveyed were used in the analysis. The samplecarmposed of 210 MFIs members of which 75 farm hoolske(new

microfinance members) were in the control group BBl farm households were from the treatment gfoltbmembers).
Description of Variables for the Analysis

The dependent variable was the household outstgholdm amount at the time of survey. The loan arhénom
various microfinance institutions was obtained Imgerving the balances on membership pass booknéeiewing the
members. The explanatory variables analysed arlthdon characteristics, MFls characteristicsyalcuse of loans, and
government agricultural subsidy. The expected sajribe relationships and the measurement of thiablas used in the

analysis are indicated in Table 2.
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Table 2: Explanatory Variables Used on Credit Demad Analysis and the Expected Influence

Variable Description and Expected
Reason
Name Measurement Influence
Location
variables Reflects how differences
(Mufindi, Dummy variables=1 for in location characteristic
Madibira, respective location and (e.g. markets,
Njombe, and | 0= otherwise infrastructure) affect
Kilolo credit demand
locations)
. The length of the period Reflects how loan
Duration of . . .
| of loan repayment in + duration affect credit
oan
months demand
Whether the household
: L Reflect how collateral
Collateral provided/ indicated L i
. . _ + condition affect credit
requirement | collateral: dummy 1= d
A= emand
yes; 0= No
The length of the period .
. . Reflects how experience
Membership | for which a household :
. + of household with MFIs
duration have been a member tg

services affect demand

MFIs (in months)

The type of MFI for
which a household is a
member. Dummy

Reflects how lending

Type of MFI . conditions of MFI affect
variables (Bank, credit demand
SACCOS, NGO, '
Governmental)

Education reflects the
stock of skills and
knowledge , thus ability
to bargain for loan in
MFIs and hence affects
demand

The highest education of
household head dummy
(no formal education;
primary school ;
secondary school or
above)

Education of
household
head

The effects of microfinance characteristics on dainfor credit among farm was represented by dummy
variables. Four dummy variables were formulateddpresent each type of MFI surveyed. The four sypt MFIs
involved are namely; banks (Mufindi Community Baakd NMB); second, SACCOS ( Madibira, Mlevera, Kojnboe,
Ng'anda); third, NGOs (FINCA, PRIDE, SELF); fout@overnmental programmes Programme (SIDO).

Four location dummy variables were used to repteseneffect of factors such as availability of gnmarkets,
price of inputs, price of output, infrastructurevdlpment (roads, and electricity), weather condii availability of non-
farm economic activities, and other geographicaatmn characteristics. The locations four locatiane: First, Mufindi
highlands ( Mudabulo dividion, Malangali divisiormerally served by Tujikomboe SACCOS and Mufindin®aunity
Bank) second; Madibira wards (served by Mufindmoounity Bank, and Madibira SACCOS); third, Njombeeas,
(served by the Ng’anda SACCOS and Mlevera SACC@8Y; fourth, Kilolo areas (mostly served by SIDO, BiMnd
PRIDE).

Household socio-economic variables included inahalyses are the household structure variables (agetal

status of house head, dependents ratio, and hddssike) and household endowment variables (edutati household

Impact Factor(JCC): 1.8207 - This article can be denloaded from www.impactjournals.us |




[ 30 Haruderemia Mapesa |

head, size of land cultivated , value of total lehdd assets, quality of household house, and awalige of household

non-crop income). The measurements of variablethareame as presented in Table 3 below.

Table 3: Description of Socio-Economic Variables W=l In the Analysis and Expected Influence

. Description, And Expected
VEMEIID IS Measurement Influence R
. Total number of household Reflects the consumption and
Household size + .
members production needs of household
Dependents The ratio of dependants to total e Indicate household labour shortage
ratio household members or adequacy
Age of Age reflects experience, economic
g Age of household head in years +/- activeness and adoption of
household head . )
innovations
Sex of This reflects the gender of the Gender reflects differences in
household head.( dummy, 1= +/- decision process between male and
Household head .
male; 0= female) female
Land owned Size of land in hectares owned - Large land sizes reflects wealth of
by a household household/ land shortage
Reflect wealth and ability to
The market value of all assets :
Total household . collaterize loan and acceptance by
owned (excluding land and +/-
assets peers. Also well off household may
house) o ; ;
dislike microcredit..
The type of house of household.
(dummy variable. 1 =for house Reflects wealth of household and
House quality | with metal roof, burnt/cement + ability to collaterize loan and
blocks walls, and cement floor; acceptance by peers

0= otherwise)

The highest education of
household head dummy
variables (no formal education; +
primary school ; secondary
school or above)

The total annual market income

Education reflects the stock of skill
and knowledge , thus ability to deal
with training and paper works in
MFIs

"4

Education of
household head

Non-farm from all non-farm sources (shop, + Income reflects ability to mitigate
income restaurant, sale of milk, alcohal loan and interest repayments
sale)

Data and Model Diagnostics

Ordinary least square regression techniques reguairee multivariate analysis conditions to be fldéllin order
to produce consistent and unbiased estimationtsesihese conditions or assumptions are: freedom foutliers and
influential variables, normality, homoscedasticitinearity, and multicollinearity. Econometrics amaultivariate data
analysis literature suggest several proceduregefsting these OLS assumptions (Haiirel., 2006; Woodridge, 2000;
Ndunguru, 2007; Jacques , 2007; Gujarati, 2006jykand Rubinfeld, 1991).

Outliers and Leverage Variables

Variables were tested for outliers by use of sttided residual. Observations whose studentizedluasihad
absolute values greater than 2.5 were removed ftwenanalysis as this could have exaggerated tragiaeships
(Woodridge, 2000). Four observations indicated esttided residuals greater than 2.5 and were thereéonoved from
the analysis. This procedure reduced the sampdefiim 210 to 206 households. Leverage values [fiexigent variables

with influential observations) were detected by aéeook’s Distance (D). The higher the Cook’s 2 tiore influential
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the point is. The conventional cut-off point fovéeage values is when the Cook’s D is greater #han When this
procedure was applied, three more observationgCloadt’'s D greater than 4/n, (Where n=206), and hevexe removed

from the sample. The remaining sample after theseprocedures was 203 farm households.
Normality, Heteroscadasticity, and Multicollinearity

Normality of residuals is generally required fotigdhypothesis testing. That is the normality asption assures
that the p-values for t-tests and F-test will bdidvaSome literatures suggest that normality isuresf on predictor
variables in order to obtain unbiased estimateth@fegression coefficients. Some literatures, ewesuggest that OLS
regression merely requires that the residuals ®@rrbe identically and independently distributechu3 there is no
assumption or requirement that the predictor véggbe normally distributed. If this were the ctsn it would have not

been possible to use dummy coded variables in ssigne models (Woodridge, 2000).

Normality of the dependent variable, independertrimgariables, and the residuals was tested by efassual
plots and the Shapiro-Wilk test (swilk). The depamdvariable and some of the independent variabkse found not
normally distributed and were transformed into laaic forms (natural log). However, some varigbkuch as age,
household size, dependants ratios were generatipaily distributed. Heteroscadasticity was testeohg Bresch-pagan
test. The model had no severe heteroscadastiaitweVver it was adjusted through White's heterosdagigs robust
adjustment available with STATA package. Lineavitys automatically attained after normality was ecéd.

Multicollinearity is a post-estimation test. Thédd OLS demand equation was tested for multicedliity using
variance inflation factor (VIF). The maximum vargninflation factor among regressed variables wasd to be less
than 3.0. This was within the tolerable range of01QWoodridge, 2000; Haiet al., 2006). Thus there was no

multicolinearity threat in the model.
RESULTS AND DISCUSSIONS
Descriptive Results

Table 4 presents the descriptive analysis of thditdemand of farm households according to tleEiations. The
Table shows that the overall average credit denfantdousehold was TAS 584 699. The minimum demaad WAS 30
000 and the maximum was TAS 6 000 000 (six millidhpusehold members in Njombe areas had the higheah loan
demand at TAS 829 387, followed by Madibira housghaith average loan at TAS 602 758. Kilolo housdk indicated
the lowest loan of all the surveyed areas at TAS &B2. These results suggest that on average hadslelan demand
amount differ from one location to another. Thisiidobe due differences in to the underlying loaatfactors such as

infrastructure development, economic endowmentsogimer unobservable factors.

Table 1: Descriptive Statistics of Sampled Mfis Mefpers’ Loan Demand by Location

Location (Ir':ATleé) Standard Deviation I\(/II:’?I'ITQUST I\?I?]X'Trzlg)n
Mufindi 534 298 786 280 30 000 4 500 000
Madibira 602 758 503 710 45 000 2 800 000
Njombe 829 387 1194151 40 00(Q 6 000 000
Kilolo 282 812 231 965 50 000 1100 000
Whole samplel 584 699 800 673 30 000 6 000 000
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(1 US$ = 1,708S- Tanzanian Shillings)

Descriptive analysis also shows that demand fadicdepends on the type of MFIs for which farm hehalds
have membership. As shown in Table 5 on averagk bammowers had the highest average loan deman® @26 388),
followed by SACCOS borrowers (TAS 673 330). Farnusehold who borrowed from government MFIs had tdveekt
average loan size (TAS 322 727). These resultsestighat MFIs characteristics and/or lending coowit affect credit
demand of farm households. Lending factors suchgrasip lending or individual lending mechanism, atdtal

requirements and capital capacity can be attribigt¢lde observed variations in demand among rarah households

Table 2: Descriptive Statistics of Loan Demand of @npled Members by Type of
Mfis Membership (N= 203, Figures in Tanzanian Shilhgs, TAS)

Type Of MFI Mean (TAS) | Standard Deviation Ml(r_}l,ro\ng)m M?_}(:Ar\gt;m
Bank (MuCoBa) 686 388 782 276 30 00( 4 500 000
SACCOS 673 330 904 410 40 00d 6 000 000
NGO 374 000 286 351 60 000 1100 000
GOVNMENT 322 727 363 752 50 000 1 500 000
Whole sample 584 699 800 673 30 00D 6 000 000

(1 US$ = 1,700 TASnkanian Shillings)

Descriptive results also show that there is a figant relationship between demand and duratiothefloans.
Table 6 indicates that longer loan period indu@snfhouseholds to borrow more. On average househad were
allowed to make repayments over a period exceeslinghonths had the highest average loan size thasetwho made
their repayments within three or six months. Theults showed that about 42% of farm household bad tHuration of
between 10 months to 12 months. Only 7% of borrevad loan duration of equal or less than threetisoiT hese results
suggest that with longer loan repayment time pearigadeferably more than nine months farm househotdsowers can
increase their demand significantly. This coulddine to the fact that farm households need reaseniaté to invest loans
in farm activities before making repayments. Lanty®e period were more important for household® wikpend solely
on cereal crops such as maize, rice, potatoes whiphire longer periods of time of at least six therbefore receiving
cash flows. For horticultural crops such as tomatamions, and vegetables at least three monthsappsopriate.
Qualitative inquiry also revealed that some migrafice institutions had weekly compulsory loan repanyts. Farm
household members generally complained on thistipeabecause household who had no alternative sswtincome

other than crop income faced difficulties in copimigh such loan repayment procedures.

Table 3: Descriptive Statistics of Loan Demand of @npled Mfis Members by
Loan Duration (N= 203, Figures in Tanzanian Shilligs, TAS)

Lo?l\r;lcl)Dnl;Lz;t)lon %. Mean (Tas) S.D. Min Max
<3 7.4 291 333 232 590 40 000 1 000 000
4- 6 40 384 383 339 133 30 000 2 000 000
7-9 10 716 500 716 146 100 000 2 800 000
10-12 42.1 768 755 1 073455 30 000 6 000 000
>12 0.5 1900 000 N/A 1 900 000 1 900 000

N/A= Not applicable (1 US$ = 1,700 TARanzanian Shillings)

Descriptive results also show that demand for loaary significantly across members of MFIs. Tablshows
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that about 73% of the household borrowers had kam equal or below TAS 500 000. Around 15% of oficance
members had loan size between TAS 500 000 and TA@)1000 while about 12% of household members bad &ize
above one million. These results suggest that @y farm households can afford to purchase farmhmnacy (farm
machinery had costs equal or greater than Tsh©®80) while majority of the borrowers had loanesiust enough to

finance farm variable inputs and other petty namfausinesses or consumption expenditures.

Table 7: Frequency Distribution of Credit Demand ofthe Sampled Mfis Members

Loan Amount (TAS) | Frequency % Cumulative %
1-100 000 33 16 16
100 001-200 000 45 22 38
200 001- 300 000 34 16.7 54.7
300 001- 400 000 28 13.Y 68.4
400 001- 500 000 11 5.4 73.8
500 001- 600 000 10 5 78.8
600 001- 700 000 8 3.9 82.7
700 001- 800 000 6 3 85.7
800 001-1 000 000 3 1.5 87.2
1000 001 + 25 12.8 100
Total 203 100 100

(1 US$ = 1,700 TAS- Tanzanian Shillings)

Regarding household expenditures of procured lobakle 8 shows that 70% of microfinance participauged
part of their loans in agricultural activities migiffor purchasing farm inputs such as fertilizgpgsticides, and hiring
labourers. Results also showed that 24% of farnsdloeld borrowers used their loan for consumptiop@ses including
education of their children (secondary school) theexpenses, and other social needs. About 31% p@e of their loans
for starting or furthering their non-farm businessdon-farm businesses included restaurants, whimodern beer bars,
small shops, crops trade, used cloth busin®fisuifiba), and others. The table further shows that abd&atd the
microfinance borrowers used their loans to purclpaseer tillers (special type of low cost small tas at a price of equal
or greater than Tshs 3,500,000). Farm householdushd their loan to purchase farm machinery weratéa in Madibila
ward. Madibila areas are prominently served by Mdifi Community Bank and Madibila SACCOS. The average
borrowing for this group of borrowers was above am#ion. Most of farm household in Madibila areartfit from an
agricultural irrigation scheme located in the Usarmasin. Farmers using the irrigation scheme atiiwice for both

consumption and commercial purposes.

Table 4: Descriptive Statistics of Uses of Loan b§ampled farm Households Mfis Members

Type of Loan Use | opdct ion | 203)
Businesses (non-farm) 63 31
Farm variable inputs 142 70
Farm machinery 16 8
Consumptions 48 24
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Econometric Results

Two OLS regressions equations were run in ordétdntify the significant variables affecting demabd credit.

Results from the two equations are presented imeTalnd Table 10 respectively.

Table 9: OLS Coefficients Estimates of the Determints of Credit Demand of
Sampled farm Households Members (Equation 1)

Dependent Variable Is Log Of Household _
Sk Credit Amount AN

Independent Variables Co:;?m Std. Err. T- Value
Edl_Jcat|0£1 of Household Head D3- Dummy 0.307 0.307 1.96 (0.051)*
variable =1 for secondary school
Mufind! location Dummy variable (=1,and 0= 0.269 0168 1.60 (0.112)
otherwise
Madibira location dummy=1, and 0= otherwise 0.585 .130@ 4.25(0.000)***
Njomb(_e location Dummy variable =1; and 0= 0552 0.179 3.08 (0.002)**
otherwise
Quality of house of household dummy variable
=1 for collateral acceptable house, and 0= 0.320 0.146 2.19(0.030)**
otherwise
Duration of loan in Months 0.054 0.016 3.39(0.000)*
Log of household total assets 0.276 0.077 3.500)0
Log of household total land cultivated 0.224 0.096 2.33(0.021)**
Constant. 7.656 0.994 7.70%**
Adjusted R 0.4004
F- Values 13.49 (0.000)

Numbers in brackets are P-values. 8aamit at 1% (***), 5% (**), and 10% (*) respectilye

Table 9 shows that the location dummy variablesevaignificant determinants of the amount borrowgdhe
households. The dummy variables for Madibila, ajmihtbe were statistically significant at 1% levehile the coefficient
for Mufindi dummy variable was not statisticallygsificant (reference location was Kilolo). The ingaltion is that the
amount borrowed by microfinance members is affebiethe location of the household. Microfinance rbens who were
located in Madibila, or Njombe borrowed more thhase located in Kilolo by 58%, and 55% respecyiv@mpared to
Kilolo microfinance members. Microfinance membersdted in Madibila exhibited the highest amountréweed and
propensity to borrow, followed by Njombe, and MufinKilolo indicated the lowest of all the locat®surveyed. The
differences in demand across the surveyed locatiamsbe attributed to differences in entreprenéprslevelopents,

resources endowment and infrastructure development.

In Njombe areas the high production of marketalitaipes as the main cash crop facilitated by goasport
networks motivate farm household members to bommve to invest in farming and related farm adtgte.g. farm
implement shops, crop trade) compared to KiloloMurfindi highland areas which are located in poodigveloped

infrastructure. The location effect on householdnded for credit was also reported by Pitt and Khkand1998) in

Bangladesh. Zellegt al. (1997) also indicated that the relative differenoe poverty level across regions were the cause

for variations in borrowing behaviour of households

Econometric results also show that the nature dratacteristics of rural credit programmes deterntime

demand for credit. As indicated in Table 10, thefficient for bank membership dummy variable waatistically

| Index Copernicus Value: 3.0 - Articles can be sernb editor@impactjournals.us |




Rural Finance Programmes in Tanzania: Who 35
Borrows and to What Extent

significant at zero percent level (p= 0.000). Thesult suggest that farm households who borroweoh fmicrofinance
banks (MuCoBa and NMB) demanded more credit thamséloolds who were members of government microfi@anc
institutions by almost 59% (Government MFI was uasdeference dummy variable in the analysis). @izl analysis
supported this result by showing that some borrewsr microfinance banks (MuCoBa in particular) looved large
amount of funds to the extent that they were ablg@urchase modern farm equipments such as poverstiHand
operated Tractors). The observed findings can tidated to the relative big operating capital ag@paof microfinance
banks compared to government MFIs. Furthermore bfiks adopt the individual lending methodology Wwhicovide
opportunity for individual borrowers with assetscmllateralize and who are relatively non- or lps®r to borrow large

loans.

Table 10: OLS Coefficients Estimates of the Determants of Credit Demand of

Sampled farm Households Members

S/No Dependent Variable Is Log Of Household Current Credt Amount : N= 203
Independent Variables Coefficient Etr? T-Values

1 Edl_JcatIOD of Household Head D3 ( Dummy 0.951 0.153 1.64 (0.102)*
variable =1 for secondary school )

Quality of house of household dummy variable

2 =1 for collateral acceptable house, and 0= 0.416 0.136 3.06*** (0.003)
otherwise

3 Duration of loan in Months 0.032 0.015 2.47 (@pr

4 Log of household total assets 0.317| 0.973 4. T+

5 Log of household total land cultivated 0.184 6.09 1.47(0.122)

6 Household type of MFIs membership 0.591 0.073 3.85 (0.000)**
Dummy=1 for Bank , 0= otherwise ' ' ' '
Household type MFI membership Dummy=1 -

7 for SACCOS . 0= otherwise 0.463 0.155 2.99(0.003)
Household type of MFIs membership -

8 Dummy=1 for NGO , 0= otherwise 0.405 0.180 2.25(0.026)
Constant. 7.169 0.969 7.39%+*

(equation 2) R2 = 0.4076; Numbers in &ckets are P-values; Significant at 1% (***), 5% (*); and 10% (*)

Respectively

The coefficient for SACCOS dummy variable was atatistically significant at 1% level (p= 0.003AGCO'’s
members were found to borrow more by around 46% tha governmental programs members. The coeffid@nthe
members of microfinance NGO was statistically digant at the level 5% (p= 0.026). Field interviealso indicated that
microfinance NGOs and government programmes useadlynd&e group lending methodology which does require
collateral. Instead group peers pressure was usedforce repayments of loans. Normally the amassued by group
based MFIs are not expect to be large as the cébeindividual lending mechanism applicable with MFanks or
SACCOS. This is because the only grantee is thapgomhesion and therefore loan security is genelaW to warrant

large loans from lenders who mostly avoid excesssles.

In addition field interview indicated that MFIs suas FINCA, and SIDO exclusively focus on despepater,
especially women who have micro-businesses. Thiitalemands for such clients are generally andivelg small. The

present study results find support from findingliggner and Zeller (2001) in Malawi who observedt tthe average loan
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sizes issued to farm households significantly ¥aaeross micro-credit programmes. Microfinance Baakhibited the

largest loan sizes than microfinance NGOs or gawent supported programmes.

The time duration over which loan repayment areiireg to be made positively affected demand foditrat a
statistical significance of 1% level (p= 0.003)ail two regression equations. This result signifike importance of
reasonable loan duration. Initial cash flows franweistments in both farm and non-farm activitiesxdofollow immediate
after receiving the loans. Thus longer loan peracsompanied with initial grace periods enablesifaousehold to match
the incubation periods of agricultural activitiesttwloan repayments. Additionally longer loan dioas allows farm

households to get better prices for their produdaish lags a couple of months after harvesting.

Econometric results also show that household hgugirality, total household asset, and educatiomoofehold
head were statistically in all the two OLS equadiohhe dummy variable for collateral acceptableskduas a positive and
significant effect on the demand for credit amoagnt households. Household members with acceptaiilisels are
predicted to borrow up to 41% more than memberh witacceptable houses. The variable for the taasdéhold assets
was statistically significant and positive in bettuations at the level of 1% (p= 0.000). Intuitjvkss (or non-poor) poor
households with some assets reflect their high iwvedhiness and income generating ability and hadeglitional

entrepreneurial ability and risk taking behaviour.

The results from this study are consistent wittséhby Akramet al. (2008) who observed that total borrowing per
household was positively and significantly dependepon both initial total assets and transitoryuiij assets of
members.The coefficient for household size of lanlivated variable was positive and significantte level of 5% in
the first equation and marginally significant ireteecond equation ( p= 0.112). The results sugbgasfarm size do not
determine demand for credit. Farm households vetge farm holdings would have demanded more ciadirder to
mitigate working capital (labour, and farm variabiputs) requirements. These results indicatedredit demand of farm
households was marginally driven by the size ofl lenltivated. Results by Akraet al. (2008) however contradict these
results. They found that land has a positive agghitant effect on borrowing in Pakistan conteldn@ is used as
collateral in most cases by MFIs in Pakistan).

The dummy variable for education of household headhe category of secondary school or above was
statistically significant at the level of 5% and¥an the first and second equations respectivebudeholds whose heads
had secondary school education or above had momdwiags than households with primary school or foomal
education. This was due to complementarities of durnapital (skills and knowledge) and physical tdpin the
production process. Education increases produgtiaitd thus ability to handle relatively large faand non-farm
investments. In addition the bargain power for trettreases with education. Similar results websesved by Cheng
(2006), and Akranet al. (2008)

CONCLUSIONS AND RECOMMENDATIONS

This study assessed the factors determining thatizars in demand for credit from rural finance gnamme by
households in rural areas of Iringa region of TareaThe study was a survey of 210 rural househwlis are members
in various rural finance programmes. Results shwt MFIs specific characteristics determine crddihand. Demand for

loan vary across MFIs surveyed. Households who wembers of MFIs banks (Mufindi Community banks &idB
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Bank) demonstrated high level of loan demand, fodld by SACCOS members. Members of government csetiémes
and NGO microfinance institutions had the loweskleof credit demand. While most MFIs have socibjectives of
reaching the poorest of the poor, arguably thenmeeisd for government to provide financial supportMFIs especially

SACCOS in order to increase the capital base amlhigh ability to provide large amount of loanslients.

The study results also show that location charisties are key determinants of demand for credimfrRural
Finance Programmes. The four locations surveyedtatetl significant variations in the amount of dredtemanded.
Location specific characteristics indeed influelmceaverage the amount of credit a household demanadibila and
Njombe indicated the highest level of demand comgato Kilolo and Mufindi locations. Weather condits,
infrastructure development, resources endowment gowkernment agricultural interventions are respgaasifor the
exhibited variations in demand for credit amongrfdrouseholds in the surveyed locations. Policyruatietions should not
only be directed toward improving access to micrafice programs, but also should address infrasteiathallenge
facing rural areas. Government endeavours shoutlilead infrastructure development issues (roadsjrigigy e.tc.),
agricultural development programmes such irrigatischemes, and marketing boards. Infrastructureloements in rural

areas in turn will stimulate demand for credit.

Household economic factors such as size of landivated, household quality and total household tasse
positively determine demand for credit. Land cated is indeed an indication of investment oppadtyuaken up by rural
households. Household who cultivate large sizeandi$ can be assumed to have their high entrepiahahility and risk
taking behaviour. The policy implication is thatvgonment interventions should be directed towardlrentrepreneurship
development, education, and risk taking behavicampmaigns. Arguably government policies can be gkaosvard
encouraging and motivating rural household to hsaeing tendencies, and use savings to construditygimuses.
Deliberate policy can address issue of quality Beukrough reductions of taxes on construction rightgnd provision of

subsidy to rural household who desire to constmadern houses and thus making rural household&wazthy.

Rural-non-farm businesses spending formed a greadgortion of all loans expenditure compared tdcadture
or consumption spendings. Agricultural loans arestigoused to finance recurrent agricultural expgmds such as
fertilizers, pesticides, hiring of land, and labens: Very few farm households use loans to purchasg term farm
equipments, such as tractors or power tillers aréw technologies. Demand for credit is also dekig need to finance
children education expenses and other social néBus.implication is that most of the credits areedied towards
productive activities leading to low impact on puctlivity and income growth. Thus government polinyerventions
should be geared towards improving social servieesh as education, and health in order to reduakafges of
microfinance funds, and this may lead to creditdfumeing directed toward productive activities. iddally policy
intervention should address capital capacity ofrafinance institutions to enable them issue lamgn$é necessary to
finance long term agricultural equipments suchrastdérs, and other modern technologies which carghrevolution in

the rural household agriculture rather than theoricans issued currently to finance normal inputs.
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